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Abstract: According to the actual situation of daily storage of seismic monitoring data and the current

mainstream Hadoop technology, this paper proposes a big data storage solution for seismic monitoring to solve

the common problems of selecting and purchasing data storage equipment, as well as configuring the data storage

environment in detail. Taking the seismic data of Inner Mongolia Earthquake Agency as a sample, the paper builds

a pseudo distributed cluster on the virtual machine, uploads and downloads the data to verify the feasibility of the

scheme. The result shows that the Hadoop technology is more reliable for seismic monitoring data storage, and

when processing historical seismic monitoring data, there are more analysis and statistics methods with more

faster data reading speed.
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