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Abstract; In conventional seismic damage prediction of building groups, the researchers always make a simple
analogy with existing data of damaged buildings. Due to the influence of special geological environment,
particular earthquake scenarios, together with the errors in handiwork statistics, there are a certain amount of
outliers in dataset. The random noise in the dataset will have a serious impact on prediction accuracy. Thus, this

paper introduces a two—stage support vector machine method. In the first step, the authors add different weight

K#mBHE: 2015-10-06

He&mB. «t-h” EFRHETEYIRE (2015BAK18B01) . | AR RITRH (20154020217007) . @I RHS 61#T
ZR 2T H (ZDSYS20140509155229805 . JCYJ20140630144136828)

EER, XM (1963-), Z, BYFRTAN, FEEMEZEFRFER TIETE.

E-mail. Liyp23@163.com.



108 GES

2 = 36 &

values to normal data and outliers respectively. Then a weighted support vector machine is proposed to build the

prediction model of building groups. By using a cross —validation approach, the paper empirically tests the

proposed model on 640 buildings in Wenchuan earthquake. The results show that the proposed method can not

only effectively detect the outliers, but also make a fast accurate prediction. It is capable to be applied to the

actual seismic damage prediction of urban buildings.

Keywords: Building groups; Seismic damage prediction; Support vector machine; Cross—validation
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