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Abstract: Based on the actual needs of the first-line earthquake researchers for the research and application of
artificial intelligence (AlI) technology and from the perspective of online production of earthquake monitoring and
early warning technology system, the paper promotes a design of “AI+” earthquake monitoring and early
warning technical platform. On the basis of the existing earthquake monitoring and early warning technology
system, the core module of Al technology, namely Al model training platform, is added to the technical
system. This paper provides the logical architecture design, physical architecture design, network architecture
design and artificial intelligence framework selection of the Al model training platform, hoping that this design
can provide a new idea for the application of Al technology in the industry.
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Fig.1 The framework of the existing earthquake monitoring and early warning technology system
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Fig.2 The framework of “Al+” earthquake monitoring and early warning technology system
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Fig.3 The logical architecture design diagram of the intelligent model training platform
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Fig.4 Physical architecture design diagram of the intelligent model training platform
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Fig.5 Network architecture design diagram of the intelligent model training platform
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Table 1 Comparison of the popularity of mainstream artificial neural network
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HEZE Bty SRR E Stars Fork Tk
Tensorflow Google Python/C++/-++ 145k 81.6k 2513
Caffe BVLC C++/Python 30.4k 18.3k 265
Keras Fchollet Python 48.5k 18.3k 818
Deeplearning4] Deeplearning4] Java/Scala 11.7k 4.8k 37
Neuroph Neuroph Java 331 182 20

(DGithub.http://www.github.com.2020.
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